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Copper price prediction using support vector regression, naive Bayes, short-term
memory, and K-nearest neighbor tools

Amir Ali Faridi
Bachelor's student, Faculty of Computer Engineering, Shomal Amol Non-Profit University

1-1- Abstract

This paper presents a comparative study of four machine learning models, namely Long Short-Term
Memory (LSTM), K-Nearest Neighbors (KNN), Support VVector Regression (SVR), and Naive Bayes,
for the forecasting of copper prices. The study aims to evaluate the performance of these models in
predicting future copper prices based on historical data. The dataset used in this study consists of
historical copper price data and relevant features that may impact price fluctuations. Each model is
trained on a subset of the data and evaluated on a separate test set to assess their predictive accuracy.
Various performance metrics such as Mean Absolute Error (MAE), Root Mean Squared Error
(RMSE), and R-squared are used to compare the models' forecasting capabilities. The results indicate
that the K-Nearest Neighbors (KNN) model outperforms the other models' predictive accuracy for
forecasting copper prices. KNN demonstrates superior performance in capturing the underlying
patterns and trends in the data, leading to more accurate price predictions. The model's ability to
identify similar patterns in the historical data and use them to predict future prices contributes to its
success in this task. Overall, this study highlights the importance of choosing an appropriate machine
learning model for forecasting tasks and demonstrates the effectiveness of KNN in predicting copper
prices. The findings provide valuable insights for researchers and practitioners in the financial markets
who rely on accurate price forecasts for decision-making purposes.

Keywords: Copper price prediction, support vector regression, simple Bayes, short-term memory, and K-
nearest neighbor.



